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Introduction Chirps in dyadic competitions (Data by Till Raab, 2020)

Chirps are one type of communication signals in weakly elec- Contact N I L0 [ ormen e m
tric fish. They are characterized by short frequency excur- Chasing | INEINEERRNRD 111 0 000N MOSSEAAN 110 O
sions and are emitted during various social contexts. The time- chirps NIRRT -
frequency uncertainty of the Fourier transform makes it nearly 740 - ‘

iImpossible to reliably detect and assign chirps in freely inter-

acting fish based on spectral methods. To overcome these lim-
its, we developed a method based on dynamic filtering and

subsequent feature detection.
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Feature extraction on n electrodes

* Losers tend to chirp more. « EOD frequency has no effect on the competi-
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« Larger fish usually win. The smaller the size tion outcome and the chirp rate.

difference the more chirps are emitted.

Feature transformation and scaling

Chirps emitted by loser fish might stop chasing events
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